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Transcriptome sequencing, de novo
assembly, characterisation of wild accession
of blackgram (Vigna mungo var. silvestris) as
a rich resource for development of
molecular markers and validation of SNPs
by high resolution melting (HRM) analysis
Avi Raizada1,2 and J. Souframanien1,2*

Abstract

Background: Blackgram [Vigna mungo (L.) Hepper], is an important legume crop of Asia with limited genomic
resources. We report a comprehensive set of genic simple sequence repeat (SSR) and single nucleotide
polymorphism (SNPs) markers using Illumina MiSeq sequencing of transcriptome and its application in genetic
variation analysis and mapping.

Results: Transcriptome sequencing of immature seeds of wild blackgram, V. mungo var. silvestris by Illumina MiSeq
technology generated 1.9 × 107 reads, which were assembled into 40,178 transcripts (TCS) with an average length
of 446 bp covering 2.97 GB of the genome. A total of 38,753 CDS (Coding sequences) were predicted from 40,178
TCS and 28,984 CDS were annotated through BLASTX and mapped to GO and KEGG database resulting in 140
unique pathways. The tri-nucleotides were most abundant (39.9%) followed by di-nucleotide (30.2%). About 60.3
and 37.6% of SSR motifs were present in the coding sequences (CDS) and untranslated regions (UTRs) respectively.
Among SNPs, the most abundant substitution type were transitions (Ts) (61%) followed by transversions (Tv) type
(39%), with a Ts/Tv ratio of 1.58. A total of 2306 DEGs were identified by RNA Seq between wild and cultivar and
validation was done by quantitative reverse transcription polymerase chain reaction. In this study, we genotyped
SNPs with a validation rate of 78.87% by High Resolution Melting (HRM) Assay.

Conclusion: In the present study, 1621genic-SSR and 1844 SNP markers were developed from immature seed
transcriptome sequence of blackgram and 31 genic-SSR markers were used to study genetic variations among
different blackgram accessions. Above developed markers contribute towards enriching available genomic
resources for blackgram and aid in breeding programmes.
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Background
Blackgram, Vigna mungo (L.) Hepper, popularly known
as urdbean or mash, is a grain legume domesticated
from V. mungo var. silvestris [1]. Blackgram is a self-pol-
linating annual diploid (2n = 2x = 22) crop with a gen-
ome size of approximately 574 Mbp [2]. India is the
largest producer and consumer of blackgram and the
world’s major contributor in blackgram production. It is
grown in 5.44 million hectares of area with an annual
production of about 3.56 million tons during 2017–2018
and an average productivity of 655 kg per hectare [3]. It
is extensively grown in varied climatic conditions and
soil types in India. While substantial yield improvements
have been made in this crop, realizing the yield potential
is still a major challenge posed by biotic, abiotic stresses
and non-availability of suitable plant types for different
growing conditions. Genetic improvement, either by
traditional or molecular methods, has been hampered by
the limited genomic resources coupled with narrow gen-
etic diversity in the elite gene pool. There is a need to
accelerate progress of crop improvement programmes
with the use of molecular markers in conventional
breeding more appropriately molecular breeding.
Molecular marker studies in this crop are restricted to

the random markers and SSR markers developed from
related crop species. In blackgram, genetic relationships
and diversity among germplasm collections have been
investigated mostly using random amplified polymorphic
DNA (RAPD) [4], inter simple sequence repeat (ISSR) [4],
amplified fragment length polymorphism (AFLP) [5, 6]
and SSR or microsatellite [6, 7] markers. DNA markers
linked to mungbean yellow mosaic virus (MYMV) disease
and powdery mildew resistance gene(s) were tagged with
ISSR, SSR and RAPD respectively [8–10]. In blackgram,
two linkage maps were published till date which were
based on population derived from inter-subspecific
crosses and developed with 145 (61 SSR, 56 RFLP, 27
AFLP) and 428 (254 AFLP, 47 SSR, 86 RAPD and 41
ISSR) markers respectively [11, 12]. As earlier reported
genetic markers have limited use and were less inform-
ative, there is a need to develop new molecular marker
types. SSRs and SNPs are the markers of choice for mo-
lecular genetic study in crops because of their co-domin-
ant, multi-allelic, abundance in genome, easy scoring
features and most importantly are PCR-based.
The next-generation sequencing (NGS) technologies

lead to development of large-scale genomic resources,
including transcriptome sequence data, molecular
markers, genetic and physical maps making trait map-
ping and marker-assisted breeding more feasible [13].
Transcriptome sequencing allows precise expression
studies at genomic level for non-model organisms and
organisms that lack genome sequence information. Tran-
scriptome sequencing using NGS technologies allow quick

and inexpensive SNPs and SSR discovery within the
coding regions which are more likely to be related with
the various biological functions [14–16]. Simple sequence
repeats (genic-SSRs / EST-SSRs) and SNPs derived from
transcribed region of genome have been applied for
genetic diversity analysis, genetic map construction, asso-
ciation mapping analysis, marker-assisted selection (MAS)
breeding and quantitative trait locus mapping in many
well-studied species [17, 18]. In addition, EST-SSRs show
a higher level of transferability to closely related species
than genomic SSR markers [19]. Advances in SNP detec-
tion techniques allow high-throughput assays and conse-
quently high-density genome-wide scans [20, 21]. High
resolution melting (HRM) analysis has been used to detect
SNPs, INDELs and SSRs present in small amplicons [22].
Wild species (crop wild relatives or CWR) represent a

large pool of genetic diversity, constitutes an important
source of useful gene(s) required in breeding programs.
Exploratory studies suggest that about 150 species of
Vigna exist in nature and 22 Vigna species including
cultivated and wild are found in Indian gene centre [23].
In the improvement of blackgram, the sub gene pool of
wild type consisting of Vigna mungo var. silvestris can be
a valuable source for resistance against biotic and abiotic
stresses. MYMV resistant types in V. mungo var. silves-
tris accession IW3390 have been reported [24]. Acces-
sion INGR10133 of Vigna mungo var. silvestris have
been identified as a potential source for bruchid resist-
ance and found to be under the control of two dominant
duplicate genes [25, 26]. Quantitative trait loci (QTLs)
associated with bruchid (Callosobruchus maculatus) re-
sistance were mapped with the help of inter-subspecific
mapping population generated by crossing V. mungo
var. mungo (cv. TU 94–2, bruchid susceptible) and V.
mungo var. silvestris (bruchid resistant) [8, 27].
Transcriptome analysis (TA) of CWR and their culti-

vated counterparts can be used to determine the differ-
ence in the expression patterns of genes involved in the
genomic basis of several processes such as adaptation of
the CWR in varied environments, crop domestication
and diversification, evolutionary process and genomic re-
gions, which lost diversity in domestication bottlenecks
[28, 29]. In addition, RNA Seq of developing seeds of
elite cultivars reveals molecular basis of yield [30], ma-
turity [31], resistance to diseases, insect-pests [32], abi-
otic stress tolerance [33], transcription modulation
behind seed development and nutrient accumulation
[34], that can aid in introgression of these agronomic
traits in other cultivars through development of molecu-
lar markers. Understanding of gene/genome evolution,
genome organization and genetic variations needs tran-
scriptome sequencing of more species [28]. Till date,
reported SSR markers for blackgram are from single
variety (TU94–2) transcriptome and other related Vigna
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species and no SNPs markers has been reported in
blackgram. Transcriptome sequencing of wild species of
blackgram has not been reported. In this study, tran-
scriptome sequencing of Trombay Wild (TW) (Vigna
mungo var. silvestris), a wild accession of blackgram was
carried out with following objectives: (1) Development
of a large expressed sequence dataset from immature
seeds of the wild relative Vigna mungo var. silverstris
using the Illumina paired-end sequencing technology;
(2) To analyze the frequency and distribution of SSRs in
transcribed region of the wild progenitor (3) To develop
a large set of genic-SSR and SNP markers; (4) Studying
the intra specific variation revealed by genic-SSR
markers and (5) SNPs genotyping through (HRM) ana-
lysis and validate through re-sequencing.

Results
Illumina paired end sequencing and de novo assembly of
transcriptome
The transcriptome sequencing of blackgram wild acces-
sion (TW) generated 19,690,124 high-quality reads (base
quality more than 20) which accounts for 2,970,339,385
bases (2.97 GB). Illumina reads have been submitted to
the NCBI short read archive under the submission ID.
SRR 5931432, SRX3091690 and study accession
SRP115376. High quality reads were assembled and re-
sulted in 40,178 transcript contigs (TCS). The length of
contigs ranged from 280 to 6445 bp with an average
length of 446 bp (Additional file 1: Figure S1). There
were 6398 (15.9%) TCS with length between 200 to 299
bp and 15,966 (39.7%) with length between 300 to 399
bp. TCS with length more than 500 bp and 1000 bp
accounted for 26.6% (10,694 TCS) and 2.2% (905 TCS)
respectively.

Functional annotation
A total of 38,753 (96.4%) CDS were predicted from 40,
178 TCS with the help of ORF Finder and annotated
through sequence similarity search against the NCBI
non-redundant (nr) protein database using BLASTx al-
gorithm. Significant similarity to known proteins in nr
database were found for 28,984 (74.79%) CDS and 9769
(25.2%) CDS had no hits in the database. Majority of the
CDS showed similarity with Phaseolus vulgaris (27%)
followed by Citrus clementina (16%) (Additional file 2:
Figure S2). CDS were functionally annotated by Blast2GO
for consistent gene annotations and assigned with gene
names, gene products, EC numbers and Gene Ontology
(GO) numbers. Out of 28,984 CDS, 28,106 CDS were
assigned to gene ontology classes with functional terms
(Additional file 3: Table S1). Among all the three classes,
maximum numbers of CDS were assigned to molecular
function (11,544, 41.1%), followed by biological process
(10,330, 36.8%) and cellular component (6232, 22.2%)

(Additional file 4: Figure S3). Most of the CDS from
molecular function class were assigned to binding and
catalytic activities. In biological process category, majority
of the CDS fall under cellular processes, metabolic
processes followed by establishment of localization (Fig. 1).
CDS were mapped to a total of 140 unique KEGG path-
ways. Out of which majority are falling into purine metab-
olism (524), starch and sucrose metabolism (217),
glycolysis/gluconeogenesis (183), pyrimidine metabolism
(181) and cysteine and methionine metabolism (160).

Identification, frequency and distribution of SSRs in
blackgram TCS
Out of 40,178 TCS, 1621 SSRs were identified in 1339
(3.3%) TCS, with an average frequency of one SSR per 11.1
kb. Tri-nucleotide repeats were found to be most abundant
(646,39.9%) followed by di-nucleotide (490,30.2%) and to-
gether constitute 70.1% of the identified SSRs (Fig. 2).
GAA/CTT nucleotides were found to be the largest
SSR motif (29.9%) compared to AGG/CCT (14.4%)
and GGT/ACC nucleotides (9%). Repeat number
ranged from 6 to 47 for di-nucleotides, 5–52 for tri-
nucleotides, 4–18 for tetra-nucleotides, 4–30 for
penta-nucleotides and 3–10 for hexa-nucleotides. In
di-nucleotide SSR class, GA/TC alone constitute
66.3% followed by AT/TA and GT/AC which
accounts for 17.3 and 16.1% respectively, whereas
CG/GC occurs only once (1,0.2%) in the transcrip-
tome dataset. Identified SSRs were classified into
three classes on the basis of their position in TCS as
whether lying in CDS, 5’UTR, or 3’UTR. Sequence
analyses revealed 977 (60.3%) SSR repeats were
present in the CDS and 610 (37.6%) SSR repeats were
found in untranslated regions of which 19.1 and
18.5% were accounted for 5’UTR and 3’UTR respect-
ively (Fig. 3). Both tri-nucleotide (444,68.7%) and di-
nucleotide (242,49.4%) repeats were preferentially
present in the CDS. Thirty four SSR loci could not
be classified into any of the three classes as no ORF
was found for their respective transcripts.

Development of genic-SSR markers
A total of 1621 SSR motif were identified and PCR
primer pairs were successfully designed for 1171 SSR
loci. Details of primers sequence, expected product size
and Tm for 1171 genic-SSR primer pairs is provided in
Additional file 5: Table S2. Primers could not be
designed for 450 SSR loci. One hundred primer pairs
were initially screened in six blackgram genotypes (TW,
RIL68, Nayagarh, LBG-17, KU96–3, TAU-1) and an
amplification rate of 58% was observed. Of these, 31 and
19 SSR primers showed polymorphism and null alleles
respectively.
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Fig. 2 Simple sequence repeat (SSR) types and distribution in the wild blackgram transcriptome

Fig. 1 GO Annotation analysis for wild blackgram CDS using BLAST2GO algorithm
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Genetic diversity analysis in blackgram germplasm
In this study, 31 SSR primers were screened with 27
blackgram genotypes which yield 89 alleles with an aver-
age of 2.9 alleles/locus and the number of alleles varied
from 1 to 5 with PIC ranging from 0.14 to 0.85, with a
mean value of 0.54 (Table 1). Representative amplifica-
tion of genic-SSR primer (TWSSR62) is shown in Fig. 4.
Dendrogram generated based on blackgram genic-SSR
markers distributed all 27 genotypes into one major and
one minor cluster (Additional file 6: Figure S4). Among
the 27 genotypes, DPU88–31 and IPU02–43 showed the
highest similarity index, while the genotypes TU94–2
and LBG693 showed the lowest. The minor cluster
comprised of LBG752, LBG709, LBG703 and LBG693.
While the remaining 23 genotypes grouped into major
cluster in which TW is represented as OTU.

Identification and validation of RNA Seq data by qRT-PCR
A total of 2306 CDS were differentially expressed in
both the samples, 1190 CDS were found to be down-
regulated and 1116 CDS were found to be up-regu-
lated with a mean fold change value of − 375 (Add-
itional file 7: Table S3). Most of the differentially
expressed genes belongs to signal transduction path-
ways. Expression pattern of 7 DEGs (5 up and 2
down-regulated CDS) was analysed through qRT-PCR.
All 7 DEGs analysed, showed expression profile con-
sistent/ similar to RNA Seq data but differed in
expression magnitude (Additional file 8: Table S4).

Identification and characterization of SNPs
A total number of 1844 SNPs were identified in TW
sample in which 17 SNPs were heterozygous and 1828
SNPs were homozygous. SNPs were filtered at a mini-
mum read depth which varied from a minimum of 20 to
a maximum of 200. Out of 1844 SNPs, 1291 (70%)
occurs within CDS, 518 (28%) lie in untranslated regions
(269,14.6% in 3′-UTR and 249,13.5% in 5′-UTR) and for
36 SNPs bearing TCS, no ORF was predicted by ORF
finder (Fig. 3). All the SNPs were classified into 8 trans-
version and 4 transition substitution classes. The num-
bers of transition (Ts) and transversion (Tv) type of
SNPs were 1129 (61%) and 716 (39%) respectively, with
a Ts/Tv ratio of 1.57 for TW. Most of the SNPs (61%)
falls under transition substitution class, in which most
abundant are A/G (16.4%) type SNP followed by T/C
(15.3%),G/A (14.7%) and C/T(14.6%) (Fig. 5). In case of
transversion substitution class, the frequency of occur-
rence of the SNPs were as follows: T/A (5.7%) and G/C
(5.7%), followed by A/C (5.1%), A/T (4.9%), C/G (4.8%),
C/A (3.9%) and G/T (3.8%).

Development of genic-SNP markers
Out of 1844 SNPs identified, PCR primer pairs were
successfully designed for 1749 SNP loci. Details of
primer sequence, expected product size and Tm is pro-
vided in tabular form (Additional file 9: Table S5).
Primers could not be designed for the remaining 95 SNP
loci because their flanking sequences were either too
short or the nature of sequence did not fulfil the criteria

Fig. 3 Frequency and distribution of SSRs and SNPs in coding sequence and untranslated region (UTRs) of blackgram TCS
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Table 1 Number of alleles per locus and polymorphic information content (PIC) value of genic-SSR markers used for studying allelic
variation among blackgram genotypes

Genic-SSR primer
code

No. of alleles
/locus

Polymorphic information content
(PIC)

Putative function

TWSSR-1 2 0.28 Protein ABCI7

TWSSR-4 2 0.21 transcription factor bHLH143-like

TWSSR-8 3 0.76 CBL-interacting serine/threonine-protein kinase 8

TWSSR-9 3 0.62 Vigna angularis var. angularis DNA, chromosome 11

TWSSR-10 5 0.67 transcription factor TCP9

TWSSR-11 2 0.53 U-box domain-containing protein 4

TWSSR-12 4 0.49 Vigna radiata var. radiata uncharacterized LOC106765753

TWSSR-13 2 0.14 sugar carrier protein C

TWSSR-14 3 0.34 Vigna angularis var. angularis DNA, chromosome 1

TWSSR-15 3 0.60 vacuolar sorting receptor

TWSSR-16 4 0.50 Vigna radiata var. radiata uncharacterized LOC106778819

TWSSR-19 3 0.67 alpha,alpha-trehalose-phosphate synthase [UDP-forming] 1

TWSSR-20 4 0.72 transcription factor 25

TWSSR-24 1 0.14 glycerol-3-phosphate transporter 4

TWSSR-31 2 0.58 Lupinus angustifolius cultivar Tanjil chromosome LG-11

TWSSR-34 2 0.59 60S ribosomal protein L29–1

TWSSR-47 3 0.48 hypothetical protein (PHAVU_001G023500g)

TWSSR-48 2 0.50 Human DNA sequence from clone RP11-164 K15 on chromosome
22

TWSSR-57 2 0.48 vesicle-associated membrane protein 722-like

TWSSR-59 3 0.57 Vigna angularis var. angularis DNA, chromosome 4

TWSSR-61 3 0.85 glycine-rich domain-containing protein 1

TWSSR-62 4 0.69 transcription initiation factor IIF subunit beta

TWSSR-66 3 0.52 Vigna radiata var. radiata uncharacterized LOC106765616

TWSSR-68 3 0.79 UPF0496 protein At2g18630-like

TWSSR-72 2 0.46 Vigna angularis uncharacterized LOC108326918

TWSSR-74 4 0.77 ATP-dependent RNA helicase eIF4A

TWSSR-76 1 0.65 activator of 90 kDa heat shock protein ATPase homolog

TWSSR-81 1 0.36 trafficking protein particle complex subunit 6B

TWSSR-82 3 0.69 Vigna angularis var. angularis DNA, chromosome 8

TWSSR-86 3 0.54 serine/threonine-protein kinase-like protein At3g51990

TWSSR-87 3 0.46 histidine kinase 4

Average 3 0.54

Fig. 4 PCR amplification of genic-SSR marker TWSSR62 in 27 blackgram genotypes
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for primer design. One hundred primer pairs flanking
single SNP were selected for screening in TW and
TU94–2 genomic DNA. Eighty five primer pairs success-
fully amplified in end-point PCR for both samples and
79 primer-pairs showed monomorphic pattern. These 79
primers were proceeded for SNP genotyping by HRM
analysis.

SNP genotyping by HRM assay
A total of 71 out of the 79 SNPs were amplified through
PCR-HRM cycling. Raw HRM profiles were selected by
data quality control parameters and analysed through
HRM analysis software. Fifty four primer pairs with CT

value ≤ to 30 and amplification efficiency > 1.4 fulfilled
the quality control criteria were selected for further ana-
lysis. Melt curves, normalized graph (obtained from raw
graph after normalization) and derivative plot was ana-
lysed with the help of default software. While the
remaining 17 primer pairs which did not fit into criteria
were also analysed. A total of 57 SNPs (78.8%) were vali-
dated as homozygous by HRM assay which were also
predicted to be homozygous through transcriptome
sequencing. These validated SNPs showed single melting
transition in normalized HRM melt curves and single
narrow peak in derivative plot. Twelve SNPs showed ab-
errant curves with multiple melting phases or peaks
characteristic of heterozygosity and melting temperature
difference between both the genotypes was not detected
for 3 SNPs. Representative SNPs showing homozygous
and heterozygous pattern for normalized HRM curve
and derivative plot are shown in Fig. 6. No primer-di-
mers and non-targeted amplicons were seen for HRM

PCR products when resolved on agarose gel (Add-
itional file 10: Figure S5).

Melting temperature difference, genotypes and SNP class
For SNPs in class I, II and III, homozygous wild-type
and homozygous mutant samples were easily distin-
guished from each other by a shift in Tm. However, the
Tm difference between homozygous genotypes for SNPs
in class 4 was smaller than in class I, II and III.
Minimum Tm difference seen for class IV SNP is 0.02.
In this study, 31 SNPs come under class I SNP with a
Tm difference range of 0.15 to 0.51, 15 SNPs appear to
fall in class II SNPs with a Tm difference range of 0.03 to
0.41, 2 and 8 SNPs fall into class III and IV respectively,
with their corresponding Tm difference range of 0.18 to
0.35 and 0.02 to 0.12.Three SNPs (TWSNP 76, 85
and 121) showed no Tm difference. In the present
study, one complex amplicon bearing 2 SNPs i.e.
TWSNP 50 (T/A and A/G) was genotyped correctly
with HRM as homozygous for both positions. In this
study, class I and IV SNPs can be distinguished by
HRM analysis based on Tm difference while other
classes are difficult to differentiate from each other
due to overlapping Tm difference.

Functional significance of SNPs validated by HRM analysis
Among SNP loci validated by HRM analysis, 13 SNP loci
found to be non-synonymous missense substitutions and
thus are expected to have affected the encoded proteins.
These 13 SNPs found in a cytochrome c-type biogenesis
protein CcmE, U-box domain-containing protein 13,
cytochrome P450, pre-mRNA-splicing factor ATP-

Fig. 5 Frequency and substitution types of the identified SNPs of wild blackgram TCS
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dependent RNA helicase DEAH2, protein phosphatase,
mitochondrial fission 1 protein A-like, dnaJ protein
homolog 1, cell division cycle protein 48 homolog, lariat
debranching enzyme, 2 uncharacterized proteins and 2
hypothetical proteins - resulted in missense substitutions
and amino acid replacements (D to N, E to D, N to K, K
to R, V to F, A to T, M to I, T to I, R to Q, T to A, N to
D, I to V and K to N respectively). ITASSER results
revealed alteration in secondary structure of encoded
proteins due to missense mutations. The variant form in
contrast to native form of five proteins - U-box domain-
containing protein 13, pre-mRNA-splicing factor ATP-
dependent RNA helicase DEAH2, uncharacterized pro-
tein LOC108329963 [Vigna angularis], lariat debranch-
ing enzyme and cell division cycle protein 48 showed
changes in protein secondary structure (Additional file 11:
Table S6). For U-box domain-containing protein 13,
pre-mRNA-splicing factor ATP-dependent RNA helicase
DEAH2 and cell division cycle protein 48 changes in
secondary structures do not resulted in changes in
ligand / substrate binding preference or ligand binding
sites. But for uncharacterized protein LOC108329963
[Vigna angularis] and lariat debranching enzyme
changes in number of helices and strands resulted in
alteration in preferred ligand. However, for six genes
-cytochrome c-type biogenesis protein CcmE, uncharac-
terized protein LOC108329961 [Vigna angularis],
cytochrome P450, hypothetical protein LR48_Vig-
an10g050400 [Vigna angularis], hypothetical protein

VIGAN_01393500 [Vigna angularis var. angularis], dnaJ
protein homolog 1, number of helices and strands
predicted by protein modelling for native and variant
form of the protein were same but the preferred ligand
changed. For example, native form of cytochrome P450
binds preferably to ligand zinc but variant form binds
with calcium. While for remaining two genes- protein
phosphatase 2C 55 and mitochondrial fission 1 protein
A-like, missense mutations do not altered neither
secondary structure nor preference for the ligand.

Validation of target SSR motif and SNP amplification
through re-sequencing
PCR products amplified using five SSR primers TWSSR
13, 57, 62, 86 and 96 were re-sequenced which revealed
the presence of repeat sequence (GAA)10 (AG)8 (TC)19,
(GAT)11 (TCA)6 respectively. This is similar to the
original transcriptome sequence which indicated the
successful target amplification. HRM PCR products were
sequenced to confirm the HRM assay results. Sixteen
amplicons were re-sequenced and 9 were found to be
homozygous similar to transcriptome sequencing.
Remaining SNPs were could not be confirmed due to
sequencing error.

Discussion
Transcriptome sequence data of immature seeds of wild
blackgram would help in understanding the gene expres-
sion pattern underlying the seed development and

Fig. 6 High resolution melting (HRM) curve profiles of three HRM amplicons. a normalised plot of two homozygous genotypes showing
one melting domain, b derivative plot of a, c normalised plot of two genotypes heterozygous at one SNP site (T/A) showing two
melting domains (arrows), d derivative plot of c, e normalised plot of two genotypes with no apparent SNP site (T/C) showing single
curve, f derivative plot of e
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provides a scope to develop gene-based markers. Tran-
scriptome dataset will be useful resource to incorporate
desirable improvements for seed quality and yield [35]
and can function as a reference for studying effects of bi-
otic, abiotic stresses, specific mutations on phenotypes
[36]. Moreover, wild accession of blackgram, Vigna
mungo var. silvestris is highly relevant to the breeding
programme as a source of bruchid resistance genes.
Transcriptome sequencing of cultivated [37] and wild
blackgram species (this study) helps in revealing the
genetic basis of differences between both species and
other aspects of genome evolution. Transcriptome
sequencing of cultivated and wild species has been re-
ported for some crops including soybean [38–41] chick
pea [33, 42–44], pigeonpea [45], mungbean [46], adzuki
bean [47] peanut [34], wheat [48] and E. sibiricus [49].

Wild blackgram transcriptome characterization
Transcriptome analysis is a better alternative for under-
standing the functional complexity of genomes for plant
species with large genome size which presents a great
challenge for whole genome sequencing [50].The objective
of this project was to assemble a reference transcriptome
from immature seeds, followed by its characterisation and
development of marker resources. In this study, ~ 40,178
transcript contigs (TCS) were obtained which is less than
48,291 for the cultivated blackgram. This could be attrib-
uted to the smaller seed size of the wild species, difference
in gene expression pattern, or due to introgression or loss
of genes in the cultivated blackgram during its domestica-
tion and technical errors during sample processing. The
length of contigs ranged from 280 to 6445 bp with an
average length of 446 bp is comparable to that reported
for cultivated blackgram [37]. Blackgram wild accession
CDS showed 27% similarity to common bean followed by
16% similarity with Citrus clementina and 7% similarity to
Glycine max although cultivated TU94–2 genotype CDS
showed 50% similarity to common bean followed by 11%
with Glycine max [37]. Above observations indicated
homology among the wild, cultivated blackgram and
common bean as they belong to sub-tribe Phaseolinae.
Similar gene conservation has been reported within
legumes such as field pea, faba bean, lentil with Glycine
max [50, 51] and chickpea with Medicago, soybean and
common bean [52]. Around 25.20% CDS of wild species
did not show any hit in the database which could be
composed of alternative splicing variants, novel genes or
differentially expressed genes [53], crop-specific genes
[33, 42, 54] and unique contigs with less conserved
regions such as 3′-UTRs; C-termini or 3′ sequences
[55]. Gene Ontology terms were assigned to 72% of
the total CDS to known gene functional distribution
which is more as compared to 65% for cultivated be-
cause TW being a wild genotype is expected to be

more genetically diverse. Among the 140 KEGG path-
ways identified for TW, 524 CDS were fall under pur-
ine metabolism which played role in ammonia
assimilation and detoxification in specialized tissues
[37], primary nitrogen metabolism in tropical legumes
such as soybean [56], nucleotide biosynthesis and degrad-
ation in cotyledons and embryonic axes of blackgram [44].
Annotation of the CDS using these methods help in
predicting potential genes and their diverse functions as
reported for lentil transcriptome [50].

Frequency and distribution of genic-SSRs
In this study, 1621 genic -SSRs were identified in 3.3%
of the transcripts with a frequency of one SSR per 11.1
kb which is in accordance with our report for blackgram
cultivated variety [37] but higher as compared to 3.3 kb
in mungbean [57], 8.4 kb in pigeonpea [45] and 7.4 kb in
soybean [58].The less number of SSRs for wild spe-
cies, may be accounted for less number of transcripts
(40,178) as compared to cultivated species (48,291).
The frequency of SSR in different plant species varies
[59, 60] depending on genomic composition and dir-
ect comparison among different crops is difficult due
to SSR search criteria, size of the dataset analysed,
database-mining tools and sequence redundancy [61].
In the present study, tri-nucleotides were found to be

the most abundant for blackgram wild species (39.9%).
Similar trend was reported in lentil [50], mungbean [57],
chickpea [62], peanut [19] and common bean [5]. Such
dominance of triplets over other repeats in coding re-
gions may be due to the suppression of nontrimeric
SSRs in coding regions as they may lead to frame-shift
mutations [63]. Among tri-nucleotides, AAG/CTT
(29.9%) was found to be the most frequently occurring
motif, which was consistent with cultivated blackgram
[37], cultivated peanut [19], chickpea [33, 42], mungbean
[46], adzuki bean [11] and pigeonpea [45]. Dinucleotide
(30.2%) repeats were the second most abundant in TCS
similar to cultivated blackgram. AG repeats (AG/CT
class) were by far the most common dinucleotide repeat,
constituting nearly 66% of dinucleotide repeats which is
similar to that found in plants including legumes like
chickpea (71.1%), blackgram (59.7%) [7, 33]. In this study,
sequence analysis revealed that di-nucleotide repeats were
almost equally associated with UTRs (235, 48%) and CDS
(242, 49.4%) regions, whereas tri-nucleotides repeats
(444,68.7%) were preferentially present within CDS.
The 5’UTRs contained more triplets than the 3’UTRs,
similar observation was reported for blackgram [37].
SSR distribution in the coding regions, UTRs and
introns is non-random, vary among species and/or taxo-
nomic groups and is strongly biased as it is a function of
relative frequencies of replication slippage, point mutation,
selection pressure and environmental stresses that
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increase mutation frequency in SSRs [60, 64–66]. Genic-
SSR markers based on transcriptome dataset has been
developed for many legume species including blackgram
[37], mungbean [57], cowpea [67], chickpea [43, 62],
pigeonpea [45], common bean [5], chickpea [28]. In this
study, 1171 primer pairs were designed for SSRs from
the transcriptome dataset from wild species. One
hundred SSR primers were tested for amplification.
Of which, 58 primer pairs showed amplification. Low
amplification rate observed in this study could be due
to sequencing errors or occurrence of SNPs causes
disrupting of priming sites and large PCR amplicons
due to intervening introns.

Genetic diversity analysis in blackgram germplasm
Allelic variation at 31genic-SSR loci produced 89
alleles in 27 blackgram accessions and PIC value
varied from 0.14 to 0.85 with an average of 0.54
which is comparable to other legumes including cow-
pea [68, 69] and pigeonpea [45] and higher than cul-
tivated blackgram. PIC also depends on sample size
analysed, accession source and marker scoring skills.
High PIC values observed in this study suggests the
efficacy and utility of the developed markers. In the
present study, null alleles were observed for nineteen
SSR primers among different blackgram genotypes
studied which may be due to primer site variation or
unrecognized intron splice sites disrupting priming
sites or presence of large introns between the
primers, resulting in a too large product or in ex-
treme cases, failed amplification [37].

Frequency and distribution of genic-SNPs
EST based SNP has been used for high-resolution geno-
typing, construction of genetic maps, and genome-wide
association studies in agricultural crops [28]. Using
stringent criteria, we identified 1845 SNPs distributed
in 40,178 TCS of TW. The frequency of transitions
and transversions were comparable to that observed in
chickpea [28], soybean [70], mungbean [71]. Transition (Ts)
to transversion (Tv) ratio was calculated to understand the
process of molecular evolution [72] and assessing the quality
of SNP calls [73] The transition to transversion ratio was 1.6
in TW, which is a high ratio compared to that in maize [74].
A higher Ts/Tv ratio generally indicates higher accuracy
[75]. Transition bias over transversion has been considered
universal in the genome [63, 76] and considered to be
partially due to cytosine methylation [77]. Therefore, the
high transition bias may reflect high methylation levels in
the blackgram genome.

HRM assay
HRM is a feasible means for SNP genotyping which
is useful in plant cultivar identification, genetic

mapping, QTL analysis, diagnosis of pathogenic
species, and gene discovery [22] and has reported
applications in plants such as alfalfa [78], almond
[22], potato [79] and apple [80]. In this study, we
attempted to identify and validate SNPs through
HRM assay. A total of 71 SNPs out of 79 pre-
screened SNPs through endpoint PCR were success-
fully amplified in HRM-PCR programme. In this
study, we genotyped SNPs with a validation rate of
78.87% which is close to other HRM assay reports
such as 91% for alfalfa [81] although validation rate
depends on amplicon size, number of SNPs genotyped
and varies from study to study. In addition, failed
PCR amplification due to disrupted primer sites or
large amplicons due to intervening introns (high Ct
value) also affects considerably to validation rate. Not-
ably with standardization of kit components, primer
concentration, template DNA concentrations, in-silico
detection of amplicon and primer-pairs for secondary
structures, proportion of SNPs validated can be in-
creased and assay can be rapidly applied for plant
SNP identification and validation accurately with its
low cost, simple and high-throughput features. Twelve
SNPs genotyped through HRM analysis appeared as
heterozygous did not match the inferred transcrip-
tome sequence were assigned as putative homozy-
gotes. Similar observations were reported in alfalfa
[81]. Occurrence of multiple melt domains in HRM
curve is not only because of heteroduplex formation
from heterozygous genotypes, but could be due to se-
quencing and experimental errors, secondary struc-
tures, characteristics of DNA, concentrations of the
ions and the volume of the solution in the assay sys-
tem [22] and sensitivity or specificity of HRM
machine.
A/T substitution have been reported as the most

difficult SNP class to be resolved by melting analysis
[65, 82]. In this study, the genotypes with A/T vari-
ation (8 TWSNPs) were distinctly differentiated from
class I SNP. SNP genotyping by high-resolution melt-
ing is simple and cost effective as only PCR primers
and a generic dye are needed with no need for probes
[65]. Seventeen SNPs which did not obey quality con-
trol parameters were also analysed through normal-
ized HRM curves. Of which, 10 SNPs were genotyped
as homozygous by HRM assay which is in accordance
with the transcriptome sequencing results and 7 SNPs
showed multiple melt domains. This suggests that HRM
melt profiles with single melting transtition can be geno-
typed for zygosity regardless of data quality control pa-
rameters. To our knowledge, this is the first report of
developing cost effective HRM assay for genotyping and
validating SNPs identified from transcriptome sequencing
in blackgram which will enhance molecular breeding.
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Functional significance of SNPs validated by HRM analysis
in different genes
Detection of thirteen non-synonymous SNP loci showing
missense mutations in important physiological genes
(cytochrome c-type biogenesis protein, U-box domain-
containing protein 13,cytochrome P450, pre-mRNA-spli-
cing factor ATP-dependent RNA helicase DEAH2, pro-
tein phosphatase, mitochondrial fission 1 protein A-like,
dnaJ protein homolog 1 and cell division cycle protein)
that differentiated the wild accession from TU94–2 var-
iety could help in differentiating the wild accession from
other cultivars for their differential reaction to several
stimuli. Moreover, such non-synonymous SNPs in genes
that affect the structure and function of encoded pro-
teins to generate favourable alleles providing adaptive
and evolutionary advantages [83]. A non-synonymous
SNP in U-box domain-containing protein 13 could ex-
plain the tolerance of plant towards various abiotic
stresses such as cold, heat, salt. U-box containing genes
are extensively studied for their role in abiotic stresses in
Arabidopsis [84]. Role of pre-mRNA-splicing factor
ATP-dependent RNA helicase DEAH2 which is involved
in RNA processing was studied in Arabidopsis and found
to be associated with early flowering [85]. Cytochrome
P450s are abiotic stress-responsive genes and reported
to be involved in the biosynthetic pathways of plant alle-
lochemicals such as insect toxins and repellents [86].
Therefore, a non-synonymous SNP altering secondary
structure and thus catalytic activity could be responsible
for difference in susceptibility to various insects found in
crop germplasm. Similarly, the role of HSP40/Dnaj pro-
tein in viral pathogenesis has been well studied in vari-
ous virus-plant interactions such as for Potato virus Y
[87] and Tomato spotted wilt virus [88]. Thus detection
of a non-synonymous SNP could aid in developing mo-
lecular marker linked to these virus resistance genes.
Protein phosphatase 2c is known to be involved in absci-
sic acid (ABA) signal transduction and thus presence of
a non-synonymous SNP can alter protein secondary
structure and probably its function thus affecting
plant growth, seed dormancy and stomatal closer as
studied in Arabidopsis [89]. Similarly, cell division
cycle CDC48 regulates the turnover of immune recep-
tors and mediates the degradation of viral proteins in
plant cells [90].

Conclusions
In the present study, 1171 genic-SSR and 1749 SNP
markers were generated in large-scale by Illumina paired
end sequencing of wild blackgram immature seeds.
Genetic relationship among 27 blackgram genotypes
were studied using selected genic-SSR primers. The
distribution and characteristics of SNP markers in black-
gram were evaluated for the first time using

transcriptome dataset from wild blackgram accession.
Moreover, this is the first attempt to develop HRM assay
to validate SNPs experimentally in blackgram. The avail-
ability of such a large number of sequence-based
markers allows genetic diversity analysis, linkage map-
ping, comparative genomics, and association studies.
The data generated in the current study such as newly
identified SSR and SNP markers and DEGs provide a
valuable resource for genetic enhancement of blackgram
through marker assisted breeding.

Methods
Sample preparation, transcriptome sequencing and De
novo assembly
The wild accession of blackgram, TW (Vigna mungo var.
silvestris) was used for generating transcriptome dataset
in this study. Total RNA was extracted from 12 imma-
ture seeds collected 4 weeks after flowering of different
TW plants using RaFlextotal RNA isolation kit as per
protocol. The quality and quantity of the isolated RNA
samples were assessed by QubitFluorometer. The
paired-end cDNA sequencing libraries preparation was
done with the help of IlluminaTruSeq RNA Sample
Preparation V2 kit. For Library preparation mRNA was
fragmented, reverse transcribed, second-strand synthe-
sized, ligated with paired-end adapters and index PCR
amplification of adaptor-ligated library was done. Quan-
tity and quality of library was checked on Agilent
Caliper LabChip GX Bioanalyser using DNA High
Sensitivity Assay Kit. Sequencing was performed in a
single lane in Illumina MiSeq using paired end sequen-
cing chemistry (Xcelris Genomics Ltd. Ahmedabad). The
raw data was filtered for adaptor contamination and
low quality value reads i.e. an average QV less than
20 (QV < 20) and these reads were removed with the
help of Trimmomatic v0.30 [91]. Assembly of high
quality reads were performed with CLC Genomics
Workbench on default parameters (minimum contig
length: 200, automatic word size: yes, perform scaf-
folding: yes, mismatch cost: 2, insertion cost: 3, deletion
cost: 3, length fraction: 0.5, similarity fraction: 0.8).
Bioinformatic analysis were performed with the assembled
transcript contigs.

Coding sequences (CDS) prediction and functional
annotation
Identification of CDS was carried out using ORF-pre-
dictor and the longest frame out of the six frames was
selected. A total of 38,753 CDS were predicted which
were further annotated using BLASTx. The functional
annotation was performed for 38,753 CDS by similarity
search program, BLASTx which aligned the CDS to
non-redundant protein sequence (nr) database of NCBI
(http://www.ncbi.nlm.nih.gov) against green plant
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database. The transcripts with significant similarity (e-
value ≤1e-5) were assigned the putative function as that
of corresponding protein from green plant database and
mapped on Gene Ontology (GO) database to classify
based on their functions. GO mapping was carried out
using Blast2GO [92]. CDS were mapped to their respect-
ive pathways with the help of KEGG (Kyoto
Encyclopedia of Genes and Genomes) database [93]
(http://www.genome.jp/kegg).

Identification of SSRs and primer designing
SSRs were searched using WebSat (http://purl.oclc.org/
NET/websat/) online software [94]. SSR motifs with two
to six nucleotides in size and a minimum of 6, 5, 4, 4, 3
contiguous repeat units for di-, tri-, tetra-, penta- and
hexa-nucleotide respectively were considered for this
study. Mononucleotide repeats were excluded from the
search criteria. After SSRs searching, primers were de-
signed using WebSat (http://purl.oclc.org/NET/websat/)
online software [94] with following parameters: optimum
primer length of 22 mer (range: 18–27 mer), optimum
annealing temperature at 60 °C (range: 57–68 °C), GC
content ranged from 40 to 80% while other parameter
values set as default. Hundred SSR primer pairs (synthe-
sized by Eurofins Genomics) were randomly selected for
screening in four blackgram varieties and predicted
polymorphism was further validated in 27 blackgram
genotypes. SSRs frequency of occurrence and relative
abundance were analysed and expressed as SSR per kb
of sequence. Classification of SSRs on the basis of their
position in the coding sequence (CDS) or untranslated
region (5′ or 3′ UTR) of the gene was done. The tran-
scripts were analyzed for ORFs with the help of ORF
Finder software (http://www.ncbi.nlm.nih.gov/gorf/gorf.
html) and the longest one starting with ATG codon was
selected as protein encoding transcript.

Plant material, DNA extraction and SSR amplification
Wild accession of blackgram TW (Vigna mungo var.
silvestris) is a native of Trombay hills and is maintained
at Nuclear Agriculture and Biotechnology Division,
Bhabha Atomic Research Centre (latitude 18:54 N, longi-
tude 72:49E), Mumbai, India and do not required any
permissions or licenses whereas other cultivated acces-
sions were taken from the Institute germplasm collec-
tions. Twenty eight blackgram genotypes used in this
study are described in Additional file 12: Table S7. Total
genomic DNA was extracted from two-day old seedlings
by Dellaporta method [95]. The quality and quantity of
extracted DNA samples were assessed by Nanodrop ND
1000 spectrophotometer (Thermo Scientific, USA). one
hundred SSR primers were pre-screened in 6 blackgram
genotypes. Selected 31 SSR primers were used for gen-
etic diversity analysis among 27 blackgram genotypes.

For SSRs, PCR reactions were carried out in a 25 μl
reaction as per the reported cycling conditions [37]. PCR
products were resolved on 3% agarose gels in TBE buffer
at 80 V, stained with ethidium bromide and the image
captured in a gel documentation system.

Diversity analysis
Polymorphic markers were scored for each SSR allele
as presence (1) or absence (0) of amplified products.
Allelic variation among blackgram genotypes were
analysed by calculating the polymorphic information
content (PIC) of each SSR marker by applying the
formula of Anderson et al. [96]: PIC = 1 − S(Pij)2,
where Pij is the frequency of the jth allele for the ith

locus. Dendrogram was generated based on Jaccard’s
similarity coefficients which were subjected to the un-
weighted pair group method with arithmetic average
(UPGMA) using software NTSYS-pc version 2.0 [97].

Identification of differentially expressed genes (DEGs) and
primer designing
For identifying DEGs, TU94–2 was assigned as control
and Trombay wild as treated. The high quality reads for
each samples were mapped on to their respective set of
CDS using CLC and FPKM was calculated using the
formula: FPKM = 109 x C/ (N x L), where, C is the num-
ber of reads mapped onto the transcript contigs, N is the
total number of mappable reads in the experiment, L is
the number of base pairs in the transcript contigs. After
FPKM calculation, common hit accessions were found
based on BLAST against Green Plant database for DEGs.
CDS were further classified as up and down regulated
based on their log fold change (FC) value calculated by
the formula: FC = Log2 (Treated/Control). FC value
greater than zero were considered up-regulated whereas
less than zero were down-regulated.

Validation of RNA Seq data by qRT-PCR
Primers were designed for randomly selected 7 DEGs
from Trombay wild CDS with the help of Gene Runner
v. 5.0.99 Beta software (Hastings Software, Inc.).Total
RNA extraction from both Trombay wild and TU94–2
variety were performed with Spectrum™ Plant Total
RNA Kit (Sigma-Aldrich, USA) and treated with
DNAse-I (Sigma-Aldrich, USA) to eliminate traces of
genomic DNA. The cDNA was synthesized using a
PrimeScript™ RT-PCR Kit (Clontech, USA) and real time
PCR protocol was followed according to manufacturer’s
instructions given in SYBR1 Premix ExTaq™ (Tli RNAse
H Plus) (Clontech,USA). The thermal cycling conditions
were carried out in Rotor-Gene-Q Real-Time PCR
System (Qiagen, USA) using the following program-
95 °C for 5 min followed by 40 cycles of 94 °C for 30 s,
62 °C for 20 s and 72 °C for 20 s followed by melting
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PCR products from 65 °C to 95 °C. The relative gene
expression levels were calculated by REST software [98].

Identification of SNPs
SNPs were discovered by alignment of high quality
reads (HQ) of TW as alternate with the assembled
transcript of TU94–2 sample as reference. HQ-reads
were mapped on the assembled transcripts with the
help of BWA version 0.7.5a with default parameters
and alignment results were generated in SAM
(Sequence Alignment/Map) format which were further
converted into BAM (binary version of a SAM file)
format using samtools and sort programs. These
sorted BAM files were used to call SNPs using
mpileup program of samtools using default parame-
ters and varFilter program of bcftools with default pa-
rameters except minimum read depth, maximum read
depth and mapping quality were assigned to 20, 200
and 10 respectively. The SNPs were obtained in vcf
(Variant Call Format) file.

Primer designing, characterization of SNPs and functional
significance
Primers were designed for all SNPs of TW based on
TU94–2 transcripts available from NCBI (submission
ID. SRR 1616991, SRX710526 and study accession SRP
047502) with the help of Primer3 software [99, 100]
(http://sourceforge.net/projects/primer3/). For designing
PCR primers, optimum primer length was 20 mer
(range: 18–27 mer), optimum annealing temperature
was 60 °C (range: 57–63 °C), GC content ranged from 20
to 80%, PCR product size ranged from 100 to 250 bp
and other parameter values as default. All 1844 SNPs
bearing TU94–2 TCS were analysed for the presence of
ORF regions and classified into three classes, i.e.,
whether lying in 5’UTR, CDS or 3’UTR region. SNPs
were also characterised into transition and transversion
classes. Transition (Ts) to transversion (Tv) ratio was cal-
culated as reported by Sablok et al. [72].
To know the functional annotation, SNP contigs

were searched for homology with other proteins in
NCBI through BLASTn algorithm. Amino acid se-
quences encoded by the coding nucleotide regions of
non-synonymous SNPs were analyzed further using
the ITASSER automated web server [101] for predic-
tion of ab intio three dimensional secondary protein
structure and active catalytic domain binding sites
with ligands. The high quality protein model of cor-
rect topology was selected based on high confidence
scores.

Realtime HRM-PCR amplification and data analysis
HRM assay was performed in Rotor-Gene Q realtime
PCR Thermocycler (Qiagen) using pre-screened

amplified primers as per the protocol of Type-it
HRM PCR Kit (Qiagen). Specific amplification for
each primer pair was checked on agarose gel and by
melting analysis in Rotor-Gene Q. Raw HRM data
was analysed with the help of inbuilt software in
Rotor-Gene Q. For data quality control, PCR amplifi-
cation was analysed through the assessment of the
CT value and amplification efficiency [22]. The amp-
lification data which deviate from any of the two fol-
lowing criteria were not used for HRM analysis.
HRM runs with CT value ≤30 with amplification
efficiency > 1.4 were considered for analysis. Raw
HRM curves were analysed using the HRM analysis
module as per Corbett Research manual. Realtime
PCR HRM amplicons were resolved on 3% agarose
gels to detect the presence of primer-dimers, non-
targeted amplicons. Melting temperature (Tm) differ-
ence was calculated manually with the help of nega-
tive derivative plots. Homozygotes melt in a single
transition whereas, heterozygotes showed multiple
melt phases and the order of melting was correctly
predicted by nearest-neighbor calculations as A/A _
T/T _ C/C _G/G [65]. Class 1 SNPs are C/T and G/
A transitions that produce C::G and A::T homodu-
plexes and C::A and T::G heteroduplexes, class 2
SNPs (C/A and G/T) are transversions that produce
C::T and A::G heteroduplexes, Class 3 SNPs (C/G)
produce C::G homoduplexes with C::C and G::G het-
eroduplexes and Class 4 SNPs (A/T) produce A::T
homoduplexes with A::A and T::T heteroduplexes
[65]. SNPs were differentiated into 2 groups, homo-
zygous and heterozygous based on normalised HRM
curve. SNP amplicon sequences were checked for the
presence of SSRs with the help of WebSat online
software.

Validation of SSRs and HRM results through re-
sequencing
Successful amplification of target SSR sequence was
validated through re-sequencing of PCR products. For
this, PCR products amplified with 5 SSR primers in
two genotypes were re-sequenced. A total of 16 SNPs
were selected for confirming HRM results by sequen-
cing PCR products of both TU94–2 and TW geno-
types. Based on the HRM results, five SNPs genotyped as
homozygous and another five representative SNPs from
each different type of HRM melt curves and derivative
plots were chosen for sequencing. PCR products of
both genotypes were re-sequenced on ABI platform
(APS Labs). Forward and reverse (reverse complemen-
tary) reads of both genotypes were aligned with the
TU94–2 contigs through Clustal Omega online mul-
tiple sequence alignment tool.

Raizada and Souframanien BMC Plant Biology          (2019) 19:358 Page 13 of 16

http://sourceforge.net/projects/primer3/


Additional files

Additional file 1: Figure S1. Length-wise distribution of transcript
contigs of blackgram transcriptome. (DOC 55 kb)

Additional file 2: Figure S2. Blast hit distribution of wild blackgram
CDS similar to known proteins of non-redundant (nr) database resulted
from BLASTx algorithm with an E value threshold of 10− 5 available at
NCBI. (DOC 41 kb)

Additional file 3: Table S1. Gene Ontology (GO) classification of the
predicted CDS. (XLS 1970 kb)

Additional file 4: Figure S3. Distribution of wild blackgram CDS based
on ontologies: molecular function, biological process and cellular
component. (DOCX 13 kb)

Additional file 5: Table S2. Genic-SSR primers designed from
transcriptome sequence of wild blackgram. (XLSX 100 kb)

Additional file 6: Figure S4. Dendrogram showing the genetic
relationship among 27 blackgram genotypes. (DOCX 38 kb)

Additional file 7: Table S3. Details of differentially expressed genes
(DEGs) identified by RNA Seq between wild and cultivar accessions of
blackgram. (XLS 750 kb)

Additional file 8: Table S4. Details of CDS sequences (Trombay wild
genotype) taken for validating RNA Seq data by qRT-PCR. (DOCX 16 kb)

Additional file 9: Table S5.Genic-SNP primers designed from
transcriptome sequence of wild blackgram. (XLSX 155 kb)

Additional file 10: Figure S5. PCR HRM products of TW and TU94–2
genotypes for TWSNP markers were resolved on 3% agarose gel. (DOCX
169 kb)

Additional file 11: Table S6. Non-synonymous SNPs validated by High
Resolution Melting (HRM) analysis in TU94–2 and Trombay wild
accessions of blackgram. (DOCX 17 kb)

Additional file 12: Table S7. Details of blackgram genotypes used in
this study. (DOCX 14 kb)

Abbreviations
CDS: Coding sequence; GO: Gene ontology; HRM: High Resolution Melting;
KEGG: Kyoto Encyclopedia of Genes and Genomes; SNP: Single nucleotide
polymorphism; SSR: Simple sequence repeats; UTR: Untranslated region;
WT: Wild-type

Acknowledgments
Authors thanks Dr. T. Gopalakrishna for critical comments and suggestions.

Authors’ contributions
AR carried out the experiment and wrote the manuscript with support from
JS. JS conceived the idea and supervised the project. Both authors have read
and approved the manuscript.

Funding
This work was carried out in the Bhabha Atomic Research Centre and not
supported by any other external funding agency. The funder has no role in
the design of the study and collection, analysis, and interpretation of data
and in writing the manuscript.

Availability of data and materials
The datasets generated and / or analysed during the current study are
available in the NCBI Short Read Archive (SRA) repository (http://www.ncbi.
nlm.nih.gov/sra/) under the accession number SRP115376. The other
supporting data were included as additional files.

Ethics approval and consent to participate
Not applicable.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Received: 8 March 2019 Accepted: 31 July 2019

References
1. Lukoki L, Marechal R, Otoul E. The wild ancestors of the cultivated beans V

radiata and V mungo. Bulletin du Jardin Botanique National de Belgique.
1980;28:23–30.

2. Arumuganathan K, Earle ED. Nuclear DNA content of some important plant
species. Plant Mol Biol Report. 1991;9:208–18.

3. Anonymous. In: pulses revolution - from food to nutritional security Ministry
of Agriculture & farmers welfare (DAC&FW). Krishi Bhavan: Government of
India; 2019. p. 1.

4. Souframanien J, Gopalakrishna T. A comparative analysis of genetic diversity
in blackgram genotypes using RAPD and ISSR markers. Theor Appl Genet.
2004;109:1687–93.

5. Blair MW, Hurtado N, Chavarro CM, Muñoz-Torres MC, Giraldo MC, Pedraza
F, Tomkins J, Wing R. Gene based SSR markers for common bean (Phaseolus
vulgaris L.) derived from root and leaf tissue ESTs: an integration of the BMC
series. BMC Plant Biol. 2011;11:50.

6. Gupta SK, Gopalakrishna T. Genetic diversity analysis in blackgram (Vigna
mungo (L.) Hepper) using AFLP and transferable microsatellite markers from
azuki bean (Vigna angularis (Willd.) Ohwi & Ohashi). Genome. 2009;52:120–9.

7. Souframanien J, Gopalakrishna T. Cross-species amplification of microsatellite
loci and diversity analysis in blackgram. J Food Legumes. 2009;22:11–7.

8. Gupta S, Gupta DS, Anjum TK, Pratap A, Kumar J. Inheritance and molecular
tagging of MYMIV resistance gene in blackgram (Vigna mungo L. Hepper).
Euphytica. 2013;193:27–37.

9. Prasanthi L, Reddy BVB, Rani KR, Rajeswari T, Sivaprasad Y, Reddy KR.
Screening of blackgram genotypes under artificially inoculated conditions
and based on molecular markers for powdery mildew resistance. Legum
Res. 2010;33:17–22.

10. Souframanien J, Gopalakrishna T. ISSR and SCAR markers linked to the
mungbean yellow mosaic virus (MYMV) resistance gene in blackgram [Vigna
mungo (L.) Hepper]. Plant Breeding. 2006;125:619–22.

11. Chaitieng B, Kaga A, Tomooka N, Isemura T, Kuroda Y, Vaughan DA.
Development of a blackgram [Vigna mungo (L.) Hepper] linkage map and
its comparison with an azuki bean [Vigna angularis (Willd.) Ohwi and
Ohashi] linkage map. Theor Appl Genet. 2006;113:1261–9.

12. Gupta SK, Souframanien J, Gopalakrishna T. Construction of a genetic
linkage map of blackgram, Vigna mungo (L.) Hepper, based on molecular
markers and comparative studies. Genome. 2008;51:628–37.

13. Varshney RK, Nayak SN, May GD, Jackson SA. Next-generation sequencing
technologies and their implications for crop genetics and breeding. Trends
Biotechnol. 2009;27:522–30.

14. Li YC, Korol AB, Fahima T, Beiles A, Nevo E. Microsatellites: genomic
distribution, putative functions and mutational mechanisms: a review. Mol
Ecol. 2002;11:2453–65.

15. Mammadov J, Aggarwal R, Buyyarapu R, Kumpatla S. SNP markers and their
impact on plant breeding. Int J Plant Genomics. 2012. https://doi.org/1
0.1155/2012/728398.

16. Salem M, Vallejo RL, Leeds TD, Palti Y, Liu S, Sabbagh A, Rexroad CE III, Yao
J. RNA-Seq identifies SNP markers for growth traits in rainbow trout. PLoS
One. 2012;7:e36264.

17. Rafalski A. Applications of single nucleotide polymorphisms in crop
genetics. Curr Opin Plant Biol. 2002;5:94–100.

18. Varshney RK, Graner A, Sorrells ME. Genic microsatellite markers in plants:
features and applications. Trends Biotechnol. 2005;23:48–55.

19. Liang X, Chen X, Hong Y, Liu H, Zhou G, Li S, Guo B. Utility of EST-derived
SSR in cultivated peanut (Arachis hypogaea L.) and Arachis wild species.
BMC Plant Biol. 2009;9:35.

20. Ohnishi Y, Tanaka T, Ozaki K, Yamada R, Suzuki H, Nakamura Y. A high
-throughput SNP typing system for genome-wide association studies. J
Hum Genet. 2001;46:471–7.

21. Tsuchihashi Z, Dracopoli N. Progress in high throughput SNP genotyping
methods. Pharmacogenomics J. 2002;2:103–10.

22. Wu SB, Wirthensohn MG, Hunt P, Gibson JP, Sedgley M. High resolution
melting analysis of almond SNPs derived from ESTs. Theor Appl Genet.
2008;118:1–4.

Raizada and Souframanien BMC Plant Biology          (2019) 19:358 Page 14 of 16

https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
https://doi.org/10.1186/s12870-019-1954-0
http://www.ncbi.nlm.nih.gov/sra/
http://www.ncbi.nlm.nih.gov/sra/
https://doi.org/10.1155/2012/728398
https://doi.org/10.1155/2012/728398


23. Singh BB, Dixit GP, Katiyar PK. Vigna research in India (25 years of research
achievements). IIPR, Kanpur: All India Coordinated Research Project on
MULLaRP; 2010.

24. Reddy KR, Singh DP. Inheritance of resistance to mung bean yellow mosaic
virus. Madras Agric J. 1993;80:199–201.

25. Dongre TK, Pawar SE, Thakare RG, Harwalkar MR. Identification of resistant
sources to cowpea weevil (Callosobruchus maculatus (F.)) in Vigna sp. and
inheritance of their resistance in blackgram (Vigna mungo var. mungo). J
Stored Prod Res. 1996;32:201–4.

26. Souframanien J, Gopalakrishna T. Source for bruchid resistance and its
inheritance in Trombay wild urd bean (Vigna mungo var. silvestris). J Food
Legumes. 2007;20:19–21.

27. Souframanien J, Gupta SK, Gopalakrishna Y. Identification of quantitative
trait loci for bruchid (Callosobruchus maculatus) resistance in blackgram
[Vigna mungo (L.) Hepper]. Euphytica. 2010;176:349–56.

28. Jhanwar S, Priya P, Garg R, Parida SK, Tyagi AK, Jain M. Transcriptome
sequencing of wild chickpea as a rich resource for marker development.
Plant Biotechnol J. 2012;10:690–702.

29. Krishnan SG, Waters DLE, Henry RJ. Australian wild Rice reveals pre-
domestication origin of polymorphism deserts in Rice genome. PLoS One.
2014;9:e98843.

30. Du J, Wang S, He C, Zhou B, Ruan YL, Shou H. Identification of regulatory
networks and hub genes controlling soybean seed set and size using RNA
sequencing analysis. J Exp Bot. 2017;68:1955–72.

31. Upadhyaya HD, Reddy LJ, Gowda CL, Singh S. Identification of diverse
groundnut germplasm: sources of early maturity in a core collection. Field
Crop Res. 2006;97:261–71.

32. Vatanparast M, Shetty P, Chopra R, Doyle JJ, Sathyanarayana N, Egan AN.
Transcriptome sequencing and marker development in winged bean
(Psophocarpus tetragonolobus; Leguminosae). Scientific Reports. 2016;6:
29070. https://doi.org/10.1038/srep29070.

33. Garg R, Patel RK, Jhanwar S, Priya P, Bhattacharjee A, Yadav G, Bhatia S,
Chattopadhyay D, Tyagi AK, Jain M. Gene discovery and tissue-specific
transcriptome analysis in chickpea with massively parallel pyrosequencing
and web resource development. Plant Physiol. 2011;156:1661–78.

34. Zhang J, Liang S, Duan J, Wang J, Chen S, Cheng Z, Zhang Q, Liang X, Li Y.
De novo assembly and characterisation of the transcriptome during seed
development, and generation of genic-SSR markers in peanut (Arachis
hypogaea L.). BMC Genomics. 2012;13:90–10.

35. Weber H, Borisjuk L, Wobus U. Molecular physiology of legume seed
development. Annu Rev Plant Biol. 2005;56:253–79.

36. Thompson R, Burstin J, Gallardo K. Post-genomics studies of developmental
processes in legume seeds. Plant Physiol. 2009;151:1023–9.

37. Souframanien J, Reddy KS. De novo assembly, characterization of immature
seed transcriptome and development of genic-SSR markers in blackgram
[Vigna mungo (L.) Hepper]. PLoS One. 2015;10:e0128748.

38. Ge Y, Li Y, Zhu YM, Bai X, Lv DK, Guo D, Ji W, Cai H. Global transcriptome
profiling of wild soybean (Glycine soja) roots under NaHCO3 treatment. BMC
Plant Biol. 2010;10:153.

39. Kim MY, Lee S, Van K, Kim TH, Jeong SC, Choi IY, Kim DS, Lee YS, Park D, Ma
J, Kim WY, Kim BC, Park S, Lee KA, Kim DH, Kim KH, Shin JH, Jang YE, Kim
KD, Liu WX, Chaisan T, Kang YJ, Lee YH, Moon JK, Schmutz J, Jackson SA,
Bhak J, Lee SH. Whole-genome sequencing and intensive analysis of the
undomesticated soybean (Glycine soja Sieb. and Zucc.) genome. Proc Natl
Acad Sci USA. 2010;107:22032–7.

40. Libault M, Farmer A, Joshi T, Takahashi K, Langley RJ, Franklin LD, He J, Xu D,
May G, Stacey G. An integrated transcriptome atlas of the crop model
Glycine max, and its use in comparative analyses in plants. Plant J. 2010;
63(1):86–99.

41. Zhang H, Song BH. RNA-seq data comparisons of wild soybean genotypes
in response to soybean cyst nematode (Heterodera glycines). Genomics Data.
2017;14:36–9.

42. Garg R, Patel RK, Tyagi AK, Jain M. De novo assembly of chickpea
transcriptome using short reads for gene discovery and marker
identification. DNA Res. 2011;18:53–63.

43. Hiremath PJ, Farmer A, Cannon SB, Woodward J, Kudapa H, Tuteja R, Kumar
A, Bhanuprakash A, Mulaosmanovic B, Gujaria N, Krishnamurthy L, Gaur PM,
Kavikishor PB, Shah T, Srinivasan R, Lohse M, Xiao Y, Town CD, Cook DR,
May GD, Varshney RK. Large-scale transcriptome analysis in chickpea (Cicer
arietinum L.), an orphan legume crop of the semi-arid tropics of Asia and
Africa. Plant Biotechnol J. 2011;9:922–31.

44. Hiroshi A. Changes in activities of the de novo and salvage pathways of
pyrimidine nucleotide biosynthesis during germination of blackgram
(Phaseolus mungo) seeds. Z Pflanzenphysiol. 1977;81:199–211.

45. Dutta S, Kumawat G, Singh BP, Gupta DK, Singh S, Dogra V, Gaikwad K,
Sharma TR, Raje RS, Bandhopadhya TK, Datta S. Development of genic-SSR
markers by deep transcriptome sequencing in pigeonpea [Cajanus cajan (L.)
Millspaugh]. BMC Plant Biol. 2011;11:17.

46. Chen H, Wang L, Wang S, Liu C, Blair MW, Cheng X. Transcriptome
sequencing of mung bean (Vigna radiata L.) genes and the identification of
EST-SSR markers. PLoS One. 2015;10:e0120273.

47. Chen H, Liu L, Wang L, Wang S, Somta P, Cheng X. Development and
validation of EST-SSR markers from the transcriptome of adzuki bean (Vigna
angularis). PLoS One. 2015;10:e0131939.

48. Yan L, Liu Z, Xu H, Zhang X, Zhao A, Liang F, Xin M, Peng H, Yao Y, Sun Q,
Ni Z. Transcriptome analysis reveals potential mechanisms for different grain
size between natural and resynthesized allohexaploid wheats with near-
identical AABB genomes. BMC Plant Biol. 2018;18:28.

49. Zhang Z, Xie W, Zhao Y, Zhang J, Wang N, Ntakirutimana F, Yan J, Wang Y.
EST-SSR marker development based on RNA-sequencing of E sibiricus and
its application for phylogenetic relationships analysis of seventeen Elymus
species. BMC Plant Biology. 2019;19:235.

50. Verma P, Shah N, Bhatia S. Development of an expressed gene
catalogue and molecular markers from the de novo assembly of short
sequence reads of the lentil (Lens culinaris Medik.) transcriptome. Plant
Biotechnol J. 2013;11:894–905.

51. Kaur S, Pembleton LW, Cogan NO, Savin KW, Leonforte T, Paull J.
Transcriptome sequencing of field pea and faba bean for discovery and
validation of SSR genetic markers. BMC Genomics. 2012;13:104.

52. Kudapa H, Azam S, Sharpe AG, Taran B, Li R, Deonovic B, Cameron C,
Farmer AD, Cannon SB, Varshney RK. Comprehensive transcriptome
assembly of chickpea (Cicer arietinum L.) using sanger and next
generation sequencing platforms: development and applications. PLoS
One. 2014;9:e86039.

53. Bainbridge MN, Warren RL, Hirst M, Romanuik T, Zeng T, Go A, Delaney A,
Griffith M, Hickenbotham M, Magrini V, Mardis ER. Analysis of the prostate
cancer cell line LNCaP transcriptome using a sequencing-by-synthesis
approach. BMC Genomics. 2006;7:246.

54. Graham MA, Silverstein KAT, Cannon SB, VandenBosch KA. Computational
identification and characterization of novel genes from legumes. Plant
Physiol. 2004;135:1179–97.

55. Roy SW, Penny D, Neafsey DE. Evolutionary conservation of UTR intron
boundaries in Cryptococcus. Mol Bio Evol. 2007;24:1140–8.

56. Atkins C, Smith P. Ureide synthesis in legume nodules. Prokaryotic nitrogen
fixation: a model system for the analysis of a biological process. UK: Horizon
Scientific Press; 2000. p. 559–87.

57. Gupta SK, Bansal R, Gopalakrishna T. Development and characterization of
genic-SSR markers for mungbean (Vigna radiata (L.) Wilczek). Euphytica.
2014;195:245–58.

58. Cardle L, Ramsay L, Milbourne D, Macaulay M, Marshall D, Waugh R.
Computational and experimental characterization of physically clustered
simple sequence repeats in plants. Genetics. 2000;156:847–54.

59. Morgante M, Hanafey M, Powell W. Microsatellites are preferentially associated
with nonrepetitive DNA in plant genomes. Nat Genet. 2002;30:194–200.

60. Toth G, Gaspari Z, Jurka J. Microsatellites in different eukaryotic genomes,
survey and analysis. Genome Res. 2000;10:1967–81.

61. Wang Z, Fang B, Chen J, Zhang X, Luo Z, Huang L, Chen X, Li Y. De novo
assembly and characterization of root transcriptome using Illumina paired
-end sequencing and development of eSSR markers in sweet potato
(Ipomoea batatas). BMC Genomics. 2010. https://doi.org/10.1186/14
71-2164-11-726.

62. Choudhary S, Sethy NK, Shokeen B, Bhatia S. Development of chickpea EST
-SSR markers and analysis of allelic variation across related species. Theor
Appl Genet. 2009;118:591–608.

63. Wakeley J. Substitution-rate variation among sites and the estimation of
transition bias. Mol Biol Evol. 1994;11:436–42.

64. Kruglyak S, Durrett RT, Schug MD, Aquadro CF. Equilibrium distributions of
microsatellite repeat length resulting from a balance between slippage
events and point mutations. Proc Natl Acad Sci. 1998;95:10774–8.

65. Liew M, Pryor R, Palais R, Meadows C, Erali M, Lyon E, Wittwer C.
Genotyping of single-nucleotide polymorphisms by high resolution melting
of small amplicons. Clin Chem. 2004;50(7):1156–64.

Raizada and Souframanien BMC Plant Biology          (2019) 19:358 Page 15 of 16

https://doi.org/10.1038/srep29070
https://doi.org/10.1186/1471-2164-11-726
https://doi.org/10.1186/1471-2164-11-726


66. Trifonov EN. Tuning function of tandemly repeating sequences: a molecular
device for fast adaptation. In: Evolutionary theory and processes: Modern
horizons; 2004. p. 115–38.

67. Gupta SK, Gopalakrishna T. Development of unigene-derived SSR markers in
cowpea (Vigna unguiculata) and their transferability to other Vigna species.
Genome. 2010;53:508–23.

68. Chen H, Chen H, Hu L, Wang L, Wang S, Wang ML, Cheng X. Genetic diversity
and a population structure analysis of accessions in the Chinese cowpea [Vigna
unguiculata (L.) Walp.] germplasm collection. The Crop Journal. 2017;5:363–72.

69. Chen H, Wang L, Liu X, Hu L, Wang S, Cheng X. De novo transcriptomic
analysis of cowpea (Vigna unguiculata L. Walp.) for genic SSR marker
development. BMC genetics. 2017b;18(1):65.

70. Yadav CB, Bhareti P, Muthamilarasan M, Mukherjee M, Khan Y, Rathi P,
Prasad M. Genome-wide SNP identification and characterization in two
soybean cultivars with contrasting mungbean yellow mosaic India virus
disease resistance traits. PLoS One. 2015;10:e0123897.

71. Van K, Kang YJ, Han KS, Lee YH, Gwag JG, Moon JK, Lee SH. Genome
-wide SNP discovery in mungbean by Illumina HiSeq. Theor Appl
Genet. 2013;126:2017–27.

72. Sablok G, Luo C, Lee WS, Rahman F, Tatarinova TV, Harikrishna JA, Luo Z.
Bioinformatic analysis of fruit-specific expressed sequence tag libraries of
Diospyros kaki Thunb.: view at the transcriptome at different developmental
stages. 3 Biotech. 2011;1:35–45.

73. DePristo MA, Banks E, Poplin RE, Garimella KV, Maguire JR, Hartl C,
Philippakis AA, del Angel G, Rivas MA, Hanna M, McKenna A, Fennell TJ,
Kernytsky AM, Sivachenko AY, Cibulskis K, Gabriel SB, Altshuler D, Daly MJ. A
framework for variation discovery and genotyping using next-generation
DNA sequencing data. Nat Genet. 2011;43:491–8.

74. Ching AD, Caldwell KS, Jung M, Dolan M, Smith O, Tingey S, Morgante M,
Rafalski AJ. SNP frequency, haplotype structure and linkage disequilibrium in
elite maize inbred lines. BMC Genet. 2002;3:19.

75. Liu Q, Guo Y, Li J, Long J, Zhang B, Shyr Y. Steps to ensure accuracy in
genotype and SNP calling from Illumina sequencing data. BMC Genomics.
2012;13(Suppl 8):S8.

76. Rosenberg MS, Subramanian S, Kumar S. Patterns of transitional mutation
biases within and among mammalian genomes. Mol Biol Evol. 2003;20:988–93.

77. Shen JC, Rideout WM, Jones PA. The rate of hydrolytic deamination of 5
-methylcytosine in double-stranded DNA. Nucleic Acids Res. 1994;22:972–6.

78. Han Y, Kang Y, Torres-Jerez I, Cheung F, Town CD, Zhao PX, Udvardi MK,
Monteros MJ. Genome-wide SNP discovery in tetraploid alfalfa using 454
sequencing and high resolution melting analysis. BMC Genomics. 2011;12:350.

79. De Koeyer D, Douglass K, Murphy A, Whitney S, Nolan L, Song Y, De Jong
W. Application of high-resolution DNA melting for genotyping and variant
scanning of diploid and autotetraploid potato. Mol Breed. 2010;25:67.

80. Chagné D, Gasic K, Crowhurst RN, Han Y, Bassett HC, Bowatte DR, Lawrence
TJ, Rikkerink EH, Gardiner SE, Korban SS. Development of a set of SNP
markers present in expressed genes of the apple. Genomics. 2008;92:353–8.

81. Li X, Acharya A, Farmer AD, Crow JA, Bharti AK, Kramer RS, Wei Y, Han Y,
Gou J, May GD, Monteros MJ, Brummer EC. Prevalence of single nucleotide
polymorphism among 27 diverse alfalfa genotypes as assessed by
transcriptome sequencing. BMC Genomics. 2012;13:568.

82. Santa Lucia J Jr. A unified view of polymer, dumbbell, and oligonucleotide
DNA nearest-neighbor hermodynamics. ProcNatl Acad SciUSA. 1998;95:1460–5.

83. Gailing O, Vornam B, Leinemann L, Finkeldey R. Genetic and
genomicapproaches to assess adaptive genetic variation in plants: forest
trees asa model. Physiol Plant. 2009;137:509–19.

84. Liu J, Li W, Ning Y, Shirsekar G, Wang X, Dai L, Wang Z, Liu W, Wang G. The
U-box E3 ligase SPL11/PUB13 is a convergence point of defense and
flowering signaling in plants. Plant Physiol. 2012;160:112.

85. Herr AJ, Molnàr A, Jones A, Baulcombe DC. Defective RNA processing
enhances RNA silencing and influences flowering of Arabidopsis. Proc Natl
Acad Sci U S A. 2006;103:14994–5001.

86. Schuler MA. The role of cytochrome P450 monooxygenases in plant-insect
interactions. Plant Physiol. 1996;112:1411–9.

87. Hofius D, Maier AT, Dietrich C, Jungkunz I, Bornke F, Maiss E, Sonnewald U.
Capsid protein-mediated recruitment of host DnaJ-like proteins is required
for potato virus Y infection in tobacco plants. J Virol. 2007;81:11870–80.

88. Soellick T, Uhrig JF, Bucher GL, Kellmann JW, Schreier PH. The movement
protein NSm of tomato spotted wilt tospovirus (TSWV): RNA binding,
interaction with the TSWV N protein, and identification of interacting plant
proteins. Proc Natl Acad Sci U S A. 2000;97:2373–8.

89. Meyer K, Leube MP, Grill E. A protein phosphatase 2C involved in ABA
signal transduction in Arabidopsis thaliana. Science. 1994;264:1452–5.

90. Begue H, Mounier A, Rosnoblet C, Wendehenne D. Toward the
understanding of the role of CDC48, a major component of the protein
quality control, in plant immunity. Plant Sci. 2018;279.

91. Bolger AM, Lohse M, Usadel B. Trimmomatic: a flexible trimmer for Illumina
sequence data. Bioinformatic. 2014;30:2114–20.

92. Conesa A, Gotz S, Garcia-Gomez JM, Terol J, Talon M, Robles M. Blast2GO: a
universal tool for annotation, visualization and analysis in functional
genomics research. Bioinformatics. 2005;21:3674–6.

93. Kanehisa M, Goto S. KEGG: Kyoto encyclopedia of genes and genomes.
Nucleic Acids Res. 2000;28:27–30.

94. Martins WS, Lucas DC, Neves KF, Bertioli DJ. WebSat—a web software for
microsatellite marker development. Bioinformation. 2009;3:282–3.

95. Dellaporta SL, Wood J, Hicks JB. A plant DNA minipreparation: version II.
Plant Mol Biol Rep. 1983;1:19–21.

96. Anderson JA, ChurchillGA AJE, Tanksley SD, Sorrells ME. Optimizing parental
selection for genetic linkage maps. Genome. 1993;36:181–6.

97. Rohlf FJ. NTSYS-Pc: Numerical taxonomy and multivariate analysis system,
version 2.0. Setauket: Exeter publications; 1998.

98. Pfaffl MW, Horgan GW, Dempfle L. Relative expression software tool (REST)
for group-wise comparison and statistical analysis of relative expression
results in real-time PCR. Nucleic Acids Res. 2002;30:e36.

99. Koressaar T, Remm M. Enhancements and modifications of primer design
program Primer3. Bioinformatics. 2007;23:1289–91.

100. Untergasser A, Cutcutache I, Koressaar T, Ye J, Faircloth BC, Remm M, Rozen
SG. Primer3 - new capabilities and interfaces. Nucleic Acids Res. 2012;40:115.

101. Zhang Y. I-TASSER server for protein 3D structure prediction. BMC
Bioinformatics. 2008;9:40.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Raizada and Souframanien BMC Plant Biology          (2019) 19:358 Page 16 of 16


	Abstract
	Background
	Results
	Conclusion

	Background
	Results
	Illumina paired end sequencing and de novo assembly of transcriptome
	Functional annotation
	Identification, frequency and distribution of SSRs in blackgram TCS
	Development of genic-SSR markers
	Genetic diversity analysis in blackgram germplasm
	Identification and validation of RNA Seq data by qRT-PCR
	Identification and characterization of SNPs
	Development of genic-SNP markers
	SNP genotyping by HRM assay
	Melting temperature difference, genotypes and SNP class
	Functional significance of SNPs validated by HRM analysis
	Validation of target SSR motif and SNP amplification through re-sequencing

	Discussion
	Wild blackgram transcriptome characterization
	Frequency and distribution of genic-SSRs
	Genetic diversity analysis in blackgram germplasm
	Frequency and distribution of genic-SNPs
	HRM assay
	Functional significance of SNPs validated by HRM analysis in different genes

	Conclusions
	Methods
	Sample preparation, transcriptome sequencing and De novo assembly
	Coding sequences (CDS) prediction and functional annotation
	Identification of SSRs and primer designing
	Plant material, DNA extraction and SSR amplification
	Diversity analysis
	Identification of differentially expressed genes (DEGs) and primer designing
	Validation of RNA Seq data by qRT-PCR
	Identification of SNPs
	Primer designing, characterization of SNPs and functional significance
	Realtime HRM-PCR amplification and data analysis
	Validation of SSRs and HRM results through re-sequencing

	Additional files
	Abbreviations
	Acknowledgments
	Authors’ contributions
	Funding
	Availability of data and materials
	Ethics approval and consent to participate
	Consent for publication
	Competing interests
	References
	Publisher’s Note

